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HAEE—AEANERTE, BANEYHR: —MEY (B Predation is a fundamental ecological process,defined as one

=) BATE—MEY (5¥) (BegonZ, 1997) organism (predator) preying onanother organism (prey) (Begon et al.,
’ ° 1997).

ERESER BAtEYNE—SEZRNA, hase Within a community, predation can affect thedynamics of a specific

l][ﬁ]%é%n\ﬁ?i%ili’gﬂgiﬂiﬁ i = o " trophic level as well as thedynamics of the entire community

structure.

SHFRABERN AN (RSB REas . S For the entire community, pedation is crucial formaintaining
&W%W%I;FP %SIE’%% CERAEEEEY —(HM e:g e\’%-'% 1986: Population structure stability, food webprocesses, and stable species

. . . numbers within thepopulation (Menge et al, 1986; Garrity and
Garrity®lLevings, 1981; Murdoch#lOaten, 1975) . Levings1981: Murdoch and Oaten, 1975).

—8HET, W HEEME (EnerflHughes, 1978) . #8E Some factors, such as predator size (Elner andHughes, 1978) and
KESXEESHsyMESHMEERE SEYW 2B/ habitat complexity, can affectpredation and subsequently influence
SKHR, the dynamicrelationship between predators and prey.
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Numerous marine molluscs, including both gastropods and bivalves, Numerous marine mollusks, including both gastropods and bivalves,
show phenotypicplasticity in their shell morphology in response to exhibit phenotypic plasticity in their shell morphology in response to
predation risk (Appleton & Palmer1988, Trussell & Smith 2000, predation risk. Predation can act as a directional selection pressure,
Bourdeau 2010). Predation can therefore act as adirectional selection resulting in specific prey phenotypes, such as thicker and heavier
stressor that produces particular prey phenotypes, such as thicker and shells, rounder shell shapes, and .ower growth rates that can reduce
heavier shells, round shell shape, and lower growth rate (Leonard et al. susceptibility to predation (Appleton & Palmer, 1988; Trussell &
1999, Trussell & Nicklin 2002, Hollander & Butlin 2010, Bourdeau 2010) Smith, 2000; Leonard et al., 1999; Trussell & Nicklin, 2002;

that can decrease the susceptibility to predation. Hollander & Butlin, 2010; Bourdeau, 2010).
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Over the past several decades, with the explos1ve growth of renewable energy, Over the past several decades, renewable energy has seen explosive growth, and large-scale energy
large-scale energy storage technologies allggzintermittent ranamwahle anaro Gaata g g g ital role in enabling intermittent renewable energy sources to
replace traditional energy. High-performay . . Among these technologies, high-performance secondary
most promising candidates for large ® Improvements in Chinese B solutions. Lithium-ionbatteries (LIBs), in particular, have
technologies. Since commercialization, lithiu orage devices since their commercialization due to their high
mainstream energy storage devices with thei O BRASMAENSFHITAN, BINTNANRBENESR | and long cycle life.

density, and long cycle life. In order to me . W, WE—ERNRIRaET 7 EmINERIX. sing demand for even better electrochemical performance,
improving its electrochemical performance. O ¥—LEdFENGFIHITTEW, [F2ESFEMR. 40, Y [ustainable anode materials. The goal is to find materialsthat not
materials that provide lithium-ion batter & — ERFITRR T T O MRS, ave a safe and stable cyclic performance, but also offer high

performance, while providing high capacity a O S EThSaE AN AERTT EEMRORE, (FiEEss mong various options, alloy-based anodes, especially silicon (Si,

in-depth research and discussion. As a promis o _ e depth research and discussion. This is primarily due to their
alloy-based anodes such as silicon (Si, 420( EFMERSCANE. W, 5= EREgE(SHAIR LA SRR , which is nearly 10 times that of commercial graphite anodes

theoretical capacity, nearly 10 times higher B EHT 7 FABRIRERE,

graphite anodes (372 mA h g-1). Unfortunate| O XEFENBRHFTT DERIHNE, FEEIMBMWEET. FIW, % based anodes have significant drawbacks. The main issue lies in
from large volume expansion/shrinkage during SRR RRFNAE AR T 5 HIT T o ETie. rinkage during the lithiation and delithiation process. This can
leading to the formation of cracks, separatlon O #¥INTHIMES, [EXAERA S LS=ERiES, | active material separating from the current collector, and a

collector, and disruption of the electroggm W, XEIUERMaRFIFRBERT TIRRINFRIA within the electrode. All of these issues can cause a sharp
electrode,ultimately resulting in a sharp - ’ hortened cycle.

attenuation of cycle life. In order to overco SCarch has focused on improving the durability of the electrode
has put a lot of effort into improvingelectrode durability. to overcome these problems.
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In addition. theleft valve of each mussel was examined for
compressive force (shell strength)following Burnett and
Belk (2018). A universal material+testing machine(MTS
System Corporation, Eden Prairie, MIN, USA, Model 661;
Figl,)was used to determine the shell strength. Each shell
valve was placed horizontally with the shell edge on a flat
surface, while a compressive force was applied at a
constant loading rate of 10 mm-min until the real-time
force curve on the monitor screen fast drop indicating

failure occurred.

In addition, the left valve of each mussel was examined
for compressive force (shell strength)following Burnett
and Belk (2018). A universal material-testing machine
(MTS System Corporation, Eden Prairie, MN, USA,
Model 661; Fig. 1) was used to determine the shell
strength. Each shell valve was placed horizontally with the
shell edge on a flat surface, while a compressive force was
applied at a constant loading rate of 10 mm/min until the
real-time force curve on the monitor screen fast drop

indicating failure occurred.
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| want you to act as an expert in scientific writing, | will provide you with some paragraphs in HRILGRIRMEHEER, HRE-ERNGHPXESE, RNESERRXAEEE., (REZ(ER
English or Chinese and your task is rewrite the paragraph in the original language. You should ATESRIR (WMERESLE) . BEFNRNMEERAEEFRISHENEWRIRKEE, BRI
use artificial intelligence tools, such as natural language processing, and rhetorical knowledge HUEENXA, AMETEEE, BRARMESNEES THNXF:
and your expertise in effective scientific writing techniques to reply. Please only provide the RTEINEMN TERFEZNHEER, MREFMEIATHERHEBEHEAFEEREIETNEE
text after rewriting without any explanation. Please rewrite the following text in a scientific TR, Z—BEaEHNRAREIRPRHEERNMES. KE. BRANEREDN (Holling,
tone: 1966;0'Brien,1979;Wong, 2005) , EFiX—12i8, HEXEAUEFSA—RIITHEE: BHREM
Our study demonstrates substantial benefits of multispecies plantations, which corroborates BYIREISEE. EBERHEE. NHSHEEENRBRSERIEE (Holing, 1966; O'Brien,
and generalizes findings from forest BEF experiments (14, 16, 21) and helps to show their 1979) . XEARBTHTIUSHAEE (TER5EMEE) BREE,

implications for real-world forestry applications. Our analvses offer predictions that go bevond

B ERERE (B 28%) v
¥ RS ( ’ 4 EREEE (BN 268) -
This investigation establishes significant ecological advantages associated with multispecies

RNAGERBRENEYREG, FREIHERADPERNERITARIIATERZSH (Holling, 1966;

plantation systems, empirically validating and extending foundational biodiversity-ecosystem

functioning (BEF) principles derived from controlled forest experiments (14, 16, 21) while O'Brien, 1979; Wong, 2005) . ZEiISEEIGH BT RBMANTMESME: BRI EMN. KHITHE
demonstrating translational relevance for silvicultural practices. Our predictive modeling framework &, BRI REEERE TN . BIMEREEESE, SRARRTSBAE TEETHEHIMERSE
reveals critical limitations inherent in conventional BEF experimental designs characterized by R, BREEAEEE- BT eEEHRE, BBREREARER, HERIIHRERRLZBEMEE (Holling,
randomized species composition and temporal constraints, thereby underscoring the necessity for 1966: O'Brien, 1979) . EBHTHSE BT R BIERISM TH A ERERN B2 EanNERRG
implementing extended experimental frameworks employing deliberately curated species SRR AR S

assemblages to elucidate biodiversity-mediated temporal dynamics in ecosystem productivity.
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FIGURE 1. Conceptual comparison among multidimensional, multivariate, multivalue and multiscale. (a) Multidimensional: 0D, 1D, 2D and 3D;
(b) multivariate: Scalar, 2-tuple and n-tuple; (c) multivalue: Scalar, 2-tuple and n-tuple; (d) multiscale: High resolution and low resolution.

xiE

This is a figure from a paper published on the journal of [IEEE Access] with the title[Variable-
Based Spatiotemporal Trajectory Data Visualization lllustrated].The legend of the figure is [FIGURE
1. Conceptual comparison among multidimensional, multivariate, multivalue and multiscale. (a)
Multidimensional: 0D, 1D, 2D and 3D; (b) multivariate: Scalar, 2-tuple and n-tuple; (c) multivalue:
Scalar, 2-tuple and n-tuple; (d) multiscale: High resolution and low resolution.]. Please help me to
interpretthe figure as an expert in that field.

8B ERERZ (A 56%) ~

Okay, | need to interpret Figure 1 from this IEEE Access paper titled "Variable-Based Spatiotemporal Trajectory
Data Visualization lllustrated." The figure is a conceptual comparison of multidimensional, multivariate, multivalue,
and multiscale. Let me start by recalling what each of these terms generally means in data visualization and

spatiotemporal contexts.

First, multidimensional (a). The figure shows 0D, 1D, 2D, and 3D. Multidimensional data usually refers to data with
multiple dimensions, like spatial dimensions (x, y, z) or other axes. In spatiotemporal data, time is often a
dimension. So OD might be a single point, 1D a line (like time series), 2D a plane (maybe latitude and longitude),

and 3D adding height or depth. This part is probably about how data can exist in different dimensional spaces.

Next, multivariate (b). The figure mentions scalar, 2-tuple, and n-tuple. Multivariate data involves multiple

wuariahlae A cenalar ic a cinala ualia 9 _tunla ~nuild ha tuia variahlac (A . tamnaratiura and nracciiral and n_tunla
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Check https://storm.genie stanford.edu/article/597194 for more details Given the substantial computational resources required for LLMs, optimizing energy
consumption through techniques such as adaptive precision tuning and dynamic
pruning is a significant area of exploration. This not only addresses the cost implica-

tions but also contributes to reducing the carbon footprint associated with the training
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summary

Large Language Models (LLMs) represent a transformative development in the field
of Natural Language Processing (NLP) and artificial intelligence, characterized by
their ability to generate human-like text and understand complex language patterns.
Emerging from advancements in deep learning and neural network architectures,
particularly the transformer model introduced in 2017, LLMs like BERT and GPT have
set new benchmarks for various language understanding tasks, reshaping applica-
tions in sectors such as customer service, content creation, and education.[1][2][3]

The rise of LLMs has sparked unprecedented interest and investment, particularly

and deployment of these models[8][26].

Multimodal and Multilingual Capabilities

As LLMs continue to advance, enhancing their capabilities in handling multimodal
and multilingual data will be critical. The integration of diverse data types (such
as text, images, and audio) and supporting multiple languages can lead to more
versatile and effective applications across various sectors. Future developments will
likely focus on achieving robustness and adaptability in these aspects, ultimately
transforming how users interact with Al technologies[10][4].
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techniques. The roots of NLP can be traced back to ancient scholars such as Panini
in ancient India, who contributed significantly to the grammar of Sanskrit, laying
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: , . win
7\ Ju/m freeride board carving, yet added uplift at the tips
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camberotier grips well in turns, and the mid flex
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can enhance floatation in deep snow.

- Temperature: The region experiences cold - the black edition has big white GNU

temperatures, which keep the snow light and fluffy. letters, and some variants include

Ensure your gear, including outerwear and gloves, is neon graphics.
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conditions, offering performance advantages in Each model is available through major retailers in
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When selecting a snowboard, consider demoing Snowboard  Flex Shape Camber Profile

different models if possible to find the best fit for your
Model

riding style and the specific conditions you'll encounter. (Rating) (Stance)
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new iOS translation app powered by ChatGPT.
school (e.g. peers)

Share  Share Chang Argentina

Top 10 Developed Countries by GDP: (%of (2013- English); strong
population) SuliS e cultural interest

United States -
United ~58% High: 56%->

States iOSvs Top 10 Developing/Emerging Economies (by GDP) -

Germany 42% TSR Blatl . ] ; (ChatGPT availability considered)
(UsA) e losing foreign- penetr - iOS and Android Adoption Rates: Globally, ty

(126 p Android holds a dominant market share of

Japan Insights:

United Kingdom
language ability

France (indicating approximately 70.93%, while iOS accounts for Country i0S Android Interestin New Mobile
Italy strong desire to about 28.32% as of 2024. In the United States, Market Market Language Penetr
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Canada
developed countries like Japan, Canada, (notable stats) (2013-
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Australia - Over 50% want higher preference for iOS devices. In contrast,
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Australia, and the United Kingdom also show a
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A(ChatGPT 159, Hundreds of (21 pr

restricted)  android millions

have a higher prevalence of Android devices.
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